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Table 2: Comparison among different methods on TaxiBJ

Model RMSE
HA 57.69
ARIMA 22,78
SARIMA 26.88
VAR 22.88
ST-ANN 19.57
DeepST 18.18
ST-ResNet Jours]
L2-E 2 residual units + E 17.67
L4-E 4 residual units + E 17.51
L12-E 12 residual units + E 16.89
L12-E-BN L12-E with BN 16.69
L12-single-E 12 residual units (1 conv) + E 17.40
L12 12 residual units 17.00
L12-E-noFusion 12 residual units + E without fusion | 17.96
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3. WZBIRAIRIT

. ﬁather than always replacing the chosen
words with [MASX], the data generator will
do the following:

» 80% of the time: Replace the word with the
[MASK] token, e.g., my dog is hairy —
my dog is [MASK]

* 10% of the time: Replace the word with a
random word, e.g.my dog is hairy — my
dog is apple

* 10% of the time: Keep the word un-
Chﬂ.ﬂgﬂd, €.2.,my dog i= hairy — my dog
is hairy. The purpose of this is to bias the
representation towards the actual observed
word.
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